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8-bit floating point on the TOP500 (June 2025)
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8-bit FP fast integer

Devices counted: P100, V100, A100, H100, MI210, MI250X, MI300X,
Intel Data Center GPU, from https://www.top500.org.

NVIDIA Blackwell throughputs (FLOPS)
fp8 (9× 1015) fp16 (4.5× 1015) fp64 (0.04× 1015).
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IEEE P3109: 8-bit format on one slide
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4/6/8/16-bit floating point formats have narrow ranges

Format precision min pos. max pos. u

binary64 (double) 53 2−1022 ∼ 1.798× 10308 2−53

binary32 (single) 24 2−126 ∼ 3.403× 1038 2−24

tf32 (19-bit) 11 2−126 ∼ 3.401× 1038 2−11

bfloat16 8 2−126 ∼ 3.389× 1038 2−8

binary16 11 2−14 65504 2−11

fp8-E4M3 4 2−6 448 2−4

fp8-E5M2 3 2−14 57344 2−3

fp6-E2M3 4 20 7.5 2−4

fp6-E3M2 3 2−2 28 2−3

fp4-E2M1 2 20 6 2−2
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Mixed-precision matrix multipliers

Formats with narrow ranges are available in matrix multiply operation.

D = C + A × B,
× × × ×
× × × ×
× × × ×
× × × ×


︸ ︷︷ ︸
binary16 or
binary32

=


× × × ×
× × × ×
× × × ×
× × × ×


︸ ︷︷ ︸
binary16 or
binary32

+


× × × ×
× × × ×
× × × ×
× × × ×


︸ ︷︷ ︸

8-bit FP

×


× × × ×
× × × ×
× × × ×
× × × ×


︸ ︷︷ ︸

8-bit FP

Hardware matrix multipliers in mixed precision

Example above is 4× 4, but dimensions differ across architectures.

Internal dot product precision, rounding, and subnormal support.

While the input formats have narrow ranges, the output is less constrained
on both the precision and range.
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Part 1: Basic single-word algorithm
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Single-word algorithm

Goal: Given A and B, matrices in binary64, multiply them
accurately using mixed-precision MMAs.

1 Scale input matrices A and B.

2 Round input matrices to the input format.

3 Multiply scaled and rounded A and B in the accumulation format.

4 Scale the output matrix.

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1

Λ and M are nonsingular diagonal matrices with diagonal coefficients
λi and µi respectively.

Scale coefficients λi and µi are powers of two.
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Single-word algorithm

Let θ be the maximum value we can afford in the scaled A and B.

Scaling by powers of two means the maximum entry per row of A or
column of B is in (θ/2, θ].

We should maximise θ to reduce number of underflows, but at the same
time remove possibility of overflow.

Choose:

θ = min(fmax,
√

Fmax/n).

which avoids overflow in the input and in the accumulation of n products.
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Single-word algorithm: an example

Take A ∈ R4×4 and B ∈ R4×4.

Set fp8-E4M3 as the input format with fmax = 448.

Set binary16 as the accumulation format with Fmax = 65504.

No subnormal floating-point numbers.

This gives min(448,
√

65504/4) = min(448, 127.9687) ≈ 127 = θ.

Scaling factors

In this case before rounding matrices to the input format we need to scale
them such that 127 is the maximum value that appears.

127 is lower than fmax = 448 - no input format overflows.

127× 127 = 16129 and if we accumulate four such products we get
64616 < Fmax = 65504. No accumulation format overflows.
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Single-word algorithm: an example

Take

A =


500 1 1 2−6

128 128 128 128
1 1 1 1
1 1 1 1

 ,B =


1 128 1 1
1 128 1 1
1 128 1 1
1 128 1 1

 .

We have

AB =


502.015625 64258 502.015625 502.015625

512 65536 512 512
4 512 4 4
4 512 4 4

 .

Overflows in the above example if no scaling is applied

(Input) 500 > fmax = 448 and (output) 65536 > Fmax = 65504.
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Single-word algorithm: an example

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1, θ = 127

Step 1: Scale A and B.

ΛA =


2−2 0 0 0
0 2−1 0 0
0 0 1 0
0 0 0 1



500 1 1 2−6

128 128 128 128
1 1 1 1
1 1 1 1

 =


125 2−2 2−2 2−8

64 64 64 64
1 1 1 1
1 1 1 1



BM =


1 128 1 1
1 128 1 1
1 128 1 1
1 128 1 1



1 0 0 0
0 2−1 0 0
0 0 1 0
0 0 0 1

 =


1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


How the scale coefficients are calculated

For example, take the first row of A. The largest value is 500 and we need
to get it below θ = 127. λ1 = 2⌊log2(127/500)⌋ = 2−2.
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Single-word algorithm: an example

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1

Step 2: Round to the input format fp8-E4M3 (fmin = 2−6).

f l(ΛA) = fl



125 2−2 2−2 2−8

64 64 64 64
1 1 1 1
1 1 1 1


 =


125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1



f l(BM) = fl



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


 =


1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


Underflow in the above example

Notice that since subnormals are off, numbers ≤ fmin/2 will round to zero,
causing underflow. This happened to ΛA(1, 4) = 2−8, which resulted from
scaling the first row of A, where originally A(1, 4) = 2−6.
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Single-word algorithm: an example

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1

Step 3: Perform matrix multiply in the accumulation format binary16
(T = 11, Fmax = 65504).

125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1

 =


125.5 8032 125.5 125.5
256 16384 256 256
4 256 4 4
4 256 4 4


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Single-word algorithm: an example

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1

Step 4: Undo the scaling.
4 0 0 0
0 2 0 0
0 0 1 0
0 0 0 1



125.5 8032 125.5 125.5
256 16384 256 256
4 256 4 4
4 256 4 4



1 0 0 0
0 2 0 0
0 0 1 0
0 0 0 1

 =


502 64256 502 502
512 65536 512 512
4 512 4 4
4 512 4 4


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Single-word algorithm: an example

C = Λ−1
(
fl(ΛA)fl(BM)

)
M−1

Comparison. Our result computed with mixed-precision MMA:

AB ≈


502 64256 502 502
512 65536 512 512
4 512 4 4
4 512 4 4


And the exact result

AB =


502.015625 64258 502.015625 502.015625

512 65536 512 512
4 512 4 4
4 512 4 4


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Part 2: Multi-word algorithm
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Double-word algorithm: example

Again, for a step-by-step example, take

A =


500 1 1 2−6

128 128 128 128
1 1 1 1
1 1 1 1

 ,B =


1 128 1 1
1 128 1 1
1 128 1 1
1 128 1 1

 .
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Double-word algorithm: an example

Step 1: Scale A and B (same as before).

ΛA =


2−2 0 0 0
0 2−1 0 0
0 0 1 0
0 0 0 1



500 1 1 2−6

128 128 128 128
1 1 1 1
1 1 1 1

 =


125 2−2 2−2 2−8

64 64 64 64
1 1 1 1
1 1 1 1



BM =


1 128 1 1
1 128 1 1
1 128 1 1
1 128 1 1



1 0 0 0
0 2−1 0 0
0 0 1 0
0 0 0 1

 =


1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


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Double-word algorithm: an example

Step 2: Round to the input format, in double-word representation.

We will round each ΛA and BM to two fp8-E4M3 matrices instead of one.

Compute the first word (first of the two matrices):

A(0) = fl(ΛA) = fl



125 2−2 2−2 2−8

64 64 64 64
1 1 1 1
1 1 1 1


 =


125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1



B(0) = fl(BM) = fl



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


 =


1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


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Double-word algorithm: an example

Step 2: Round to the input format fp8-E4M3, in double-word
representation.

Compute the second word (rounding/underflow error in the first step):

A(1) = fl((ΛA− A(0))/u1) =

fl




125 2−2 2−2 2−8

64 64 64 64
1 1 1 1
1 1 1 1

−


125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1


 ./2−4

 =


0 0 0 2−4

0 0 0 0
0 0 0 0
0 0 0 0


Since B(0) = BM,B(1) = zeros(4, 4).

Extra scaling

Notice the division by u1 = 2−4 before rounding, which is done to reduce
underflows in the input format. In general, the multi-word split is

A(i) = fl

((
ΛA−

∑i−1
k=0 u

kA(k)
)
/ui

)
.
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Double-word algorithm: an example

Step 3: Perform matrix products and add them in the accumulation
format binary16.

p-word case

After splitting ΛA and BM into A(0), . . . ,A(p−1) and B(0), . . . ,B(p−1),
approximate matrix multiply by p(p + 1)/2 products

C ≈ Λ−1

( ∑
i+j<p

ui+jA(i)B(j)

)
M−1.

In our double-word case

A(0)B(0) + uA(1)B(0) =
125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1

+


0 0 0 2−4

0 0 0 0
0 0 0 0
0 0 0 0



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1


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Double-word algorithm: an example

A(0)B(0) + uA(1)B(0) =
125 2−2 2−2 0
64 64 64 64
1 1 1 1
1 1 1 1



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1

+

0 0 0 2−4

0 0 0 0
0 0 0 0
0 0 0 0



1 64 1 1
1 64 1 1
1 64 1 1
1 64 1 1

 =


125.5 8032 125.5 125.5
256 16384 256 256
4 256 4 4
4 256 4 4

+


2−8 0.25 2−8 2−8

0 0 0 0
0 0 0 0
0 0 0 0

 =


125.50390625 8032.25 125.50390625 125.50390625

256 16384 256 256
4 256 4 4
4 256 4 4


M. Mikaitis (Leeds) Narrow range floating point June 2025 23 / 34



Double-word algorithm: an example

C ≈ Λ−1

( ∑
i+j<p

ui+jA(i)B(j)

)
M−1.

Step 4: Undo the scaling.


4 0 0 0
0 2 0 0
0 0 1 0
0 0 0 1



125.50390625 8032.25 125.50390625 125.50390625

256 16384 256 256
4 256 4 4
4 256 4 4



1 0 0 0
0 2 0 0
0 0 1 0
0 0 0 1

 =


502.015625 64258 502.015625 502.015625

512 65536 512 512
4 512 4 4
4 512 4 4

 = AB.
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Part 3: Numerical experiments
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Numerical experiments

We generate A ∈ R10×n and B ∈ Rn×10 and vary n.

Elements in [−1010,−10−10] ∪ [10−10, 1010].

Measure the accuracy with ∥Ĉ−C∥∞
∥A∥∞∥B∥∞ where C is computed in binary64.

We check with subnormals on/off to detect any improvements due to
gradual underflow.

We also plot the variants of MMA without any range (exponent)
limitations.
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Numerical experiments I

101 103 105

10−4

10−2

n

∥Ĉ
−
C
∥ ∞

∥A
∥ ∞

∥B
∥ ∞

fp8-E4M3 input
binary16 accumulation
subnormals off

101 103 105

10−4

10−2

n

fp8-E4M3 input
binary16 accumulation
subnormals on

p = 1 p = 1 unbounded range

p = 2 p = 2 unbounded range

p = 3 p = 3 unbounded range
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Numerical experiments II

101 103 105

10−7

10−4

10−1

n

∥Ĉ
−
C
∥ ∞

∥A
∥ ∞

∥B
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fp8-E4M3 input
binary32 accumulation
subnormals off

101 103 105

10−7

10−4

10−1

n

fp8-E4M3 input
binary32 accumulation
subnormals on

p = 1 p = 1 unbounded range

p = 2 p = 2 unbounded range

p = 3 p = 3 unbounded range
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Numerical experiments III

101 103 105
10−10

10−6

10−2

n

∥Ĉ
−
C
∥ ∞

∥A
∥ ∞

∥B
∥ ∞

binary16 input
binary32 accumulation
subnormals off

101 103 105
10−10

10−6

10−2

n

binary16 input
binary32 accumulation
subnormals on

p = 1 p = 1 unbounded range

p = 2 p = 2 unbounded range

p = 3 p = 3 unbounded range
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Part 4: Error analysis
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Matrix Multiply-Accumulate (MMA)

Model 1
The following model describes a mixed-precision MMA operation to compute C = AB,
assuming round-to-nearest ties-to-even is used. We have two FP formats:

Input format with precision t, unit roundoff u = 2−t , exponent in [emin, emax ],
range of normalized values ±[fmin, fmax]. The maximum distance between any
number in [−fmin, fmin] and the nearest FP number is

gmin =

{
fmin/2 if subnormals are not available

ufmin with subnormals (gradual underflow)

Accumulation format with T ≥ t, U = 2−T , exponent in
[Emin,Emax] ⊇ [emin, emax], and range of norm. numbers ±[Fmin,Fmax]. The
maximum distance between any number in [−Fmin,Fmin] and the nearest FP
number is

Gmin =

{
Fmin/2 if subnormals are not available

UFmin with subnormals (gradual underflow)
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Models of worst-case rounding errors

Rounding error model based on [Demmel, 1984]

Take x , y ∈ R. Assuming no overflows occur, the rounding operator to the
input format is described as

fl(x) = x(1 + δ) + η, |δ| ≤ u, |η| ≤ gmin, ηδ = 0,

and arithmetic operations in the accumulation format as

FL(x op y) = (x op y)(1 + δ) + η, |δ| ≤ U, |η| ≤ Gmin, ηδ = 0,

with op ∈ {+,−,×,÷}.

Here ηδ = 0 accounts for only one type of error, rounding or overflow.
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Error analysis: summary

Single-word algorithm:

∥Ĉ − AB∥∞ ≲
(
2u + nU + 4n2θ−1gmin + 4n2θ−2Gmin

)
∥A∥∞∥B∥∞.

p-word algorithm:

∥Ĉ − AB∥∞ ≲
(
(p + 1)up + 4nup−1θ−1gmin

+ (n + p2)U + 2p(p + 1)n2θ−2Gmin

)
∥A∥∞∥B∥∞.
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Summary

Underflows in narrow-range FP formats not a problem, provided three
types of scaling are used.

Shown algorithms require minimal bit-level manipulations.

Can be used to obtain binary32 accuracy in high performance.

If higher accuracy is needed, MMA can still be used in conjunction
with binary64—see the next talks.

SIAM SISC paper

T. Mary, and M. Mikaitis. Error Analysis of Matrix Multiplication with
Narrow Range Floating-Point Arithmetic. Preprint. Accepted for SIAM

SISC. Mar. 2025.
https://bit.ly/42dqpkn.

Slides and more info at http://mmikaitis.github.io
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